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v B 2G2S : X » Y
o i 774fi (data likelihood) p (X)
o 4064341 the prior distribution p(Y)

a priori: Knowable without appeal to particular experience

a priori distribution: special meaning, do not misuse
o BAjointsr Aiip (X, Y)
o XM Aip(Xy = i)
o J5 51 Afiposterior distribution p(y = i|x)
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v Maximum likelihood estimation, MLE
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v Maximium a posteriori estimation, MAP
e 0" = argmax1(0) p(0)
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v Bayesian parameter estimation
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v F:HESe G conjugate prior
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v Curse of dimensionality
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Kernel density estimation
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v Bayesian decision
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distribution

o R IRYE I E, [FRIER PAgs 5 2=

(-




Bayesian prediction{dl] =

& Fr sk A PRMLEE 72




a1 NBIBI S

v LEO-1 RSB, 0B 9 Jm B 2R e R IR AN 2 0]
argmax;p(y = i|x; 9)
v fEdiscriminant function Wl & T, B LLE X ER%L
p(xly =1[;0)p(y =1)
p(x; 0)
VEEE XN g;(x) =plxly =;0)p(y =i), ATA?
v BCE E XA
gi(x) =In(p(xly = i;0)) + In(p(y = i)

gi(x) =p(ly =ilx;0) =




H— 2 AR
RN AR B ) NSO, AT LS540 R Sk
e All of statistics, All of Nonparametric Statistics: P4 A~T%
e PRML—iX A 5 E % Bayesian !
e ESL
o EMEILHGMM
ZRUh T B AR
B E V=
o LI A WAL 56+ = FE U Y >




