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Tutorial: Yi Ma et al.

v http://www.eecs.berkeley.edu/~vang/courses/ECCV20
12/ECCV12-lecturel.pdf



http://www.eecs.berkeley.edu/~yang/courses/ECCV2012/ECCV12-lecture1.pdf
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DTW: Dynamic Time Warping
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e Sparse:
http://www.eecs.berkeley.edu/~vang/courses/ECCV2012/index.htm

Another way to induce sparsity (Bayesian, cf. tutorial p9):
http://cs.nju.edu.cn/wujx/paper/PR_GGIG.pdf

e Dynamic Programming:
http://en.wikipedia.org/wiki/Dynamic programming

e DTW: Fundamentals of speech recognition, L. R. Rabiner and
B. Juang

http://www.amazon.cn/Fundamentals-of-Speech-Recognition-
Rabiner-Lawrence-R/dp/0130151572
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http://www.amazon.cn/Fundamentals-of-Speech-Recognition-Rabiner-Lawrence-R/dp/0130151572

